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CLIP [radford(OpenAl)+, 2021/01, ICML'21]
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Food101
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correct label: guacamole
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a photo of tuna tartare, a type of food.
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“Without makeup” “Cute cat” “Gothic church”
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Avata rCLI P [Hong(Nanyang Technological U)+, ACM Trans. Graph.(2022)]
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lan that is running.

I want to generate a tall and fat [ron

8 I want to generate a tall and skinny female soldier that is arguing. 8 I want to generate an overweight sumo wrestler that is sitting.

https://dl.acm.org/doi/abs/10.1145/3528223.3530094
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Flamingo [alayac(peepmind)+, 2022/04/29]

« BIREUT [ERETFRA B 25X TTFR MR
o EMOFEBEU CTNARIRDZH#EL ZENVelhEE

Input Prompt

This is a chinchilla.
They are mainly found
in Chile.

This is a shiba. They
are very popular in
Japan.

This is

What is the title of this
painting? Answer: The
Hallucinogenic
Toreador.

Where is this painting
displayed? Answer:

Louvres Museum, Paris.

What is the name of
the city where this was
painted? Answer:

Output: "Underground"

Output: "Congress"

Output:

2+1=3

5+6=11

™ Completion ]

a flamingo. They are
found in the
Caribbean and South
America.

~N

B =

Arles.

"Soulomes"

https://arxiv.org/abs/2204.14198

3x6=18
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Pretrained and frozen

Trained from scratch

0 FAX b

@ Output: text

a very serious cat.

7T L

during Flamingo training
BEERD

| .
RYINZER

Perceiver
Resampler

Perceiver
Resampler

[E{5
>3-4
(CLIP)

Visual data

B

n-th GATED XATTN-DENSE

;

—

SEETI
(Chinchilla)

-

1st GATED XATTN-DENSE

_

Processed text

<image> This is a very cute dog. <image> This is

FFN+20OX
>z

Input: text and visual
data interleaved

This is a very cute dog

processing

https://arxiv.org/abs/2204.14198
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5
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Flamingo (alayac(peepMind)+, 2022/04/29]

- BE(CED <ERREDHI

Question: What are the
three objects in this
video? Answer:

A scissors, a pen, and
a rubber band.

https://arxiv.org/abs/2204.14198
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What do you think the
robot is doing here?

(&)

The robot is picking up a

(™ ball

What color is the ball?

(&)

It’s red.

I want the ball to be hid-
den. Is there something
the robot can use for that?

&)

The robot can use a cloth
to hide the ball.

What color is the cloth?

ﬁ): The cloth is blue.

https://arxiv.org/abs/2204.14198
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Which city is this?

This is a street sign in New

PD York City.

Which street corner is it?

It is the intersection of
Madison Avenue and East

(> 42nd Street.

P:

r?;

Which subway station is
nearby?

The closest subway sta-
tion is Grand Central Sta-
tion.

How about the nearest
park?

The nearest park is Bryant
Park.

There is another sign.
What does it say?

It says "One way".

)

D)

D)
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BLIP-2 [Lisalesforce)+, 2023/01]

Vision-and-Language
Representation Learning

Vision-to-Language
Generative Learning

Image R Q-Former Language il 4
Model Write a romantic message
X ¥ that goes along this photo.
Love is like a sunset, it’s
(@0-88) Text hard to see it coming but
Queries when it does it’s so beautiful.

Bootstrapping Pre-trained
Image Models

Bootstrapping Pre-trained

i Encoder Querying Transformer E
i E Large Language Models (LLMs)

https://arxiv.org/abs/2301.12597
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ODO-00 ENCTET
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BLIP-2 [Lisalesforce)+, 2023/01]

Explain the advantages of
this product.

The audi e-tron quattro concept is a
plug-in hybrid electric sports car
that has a range of 310 miles and
can accelerate from 0 to 60 mph in
just 4 seconds.

® ®

Tell me something about
the history of this place.

8

The great wall of china was built in
221 bc by emperor qin shihuang to
protect the emperor's capital from
invaders from the north.

&

Write down the facts that you
know about this flower.

It is a genus of flowering plants in the
orchid family, orchidaceae. It is
native to eastern asia and south east
asia. It is a perennial flowering plant
that grows up to a height of 1 m.

8

\

3
&

Is this photo unusual?

Yes, it's a house that looks like it's
upside down.

How could someone get
out of the house?

It has a slide on the side of the
house.

8

J

.

What are shown in the photo? 8

é A man and a chicken.

What does the man feel
and why?

8

He is scared of the chicken
because it is flying at him.

&

What are the ingredients |
need to make this?

Pepperoni, mozzarella cheese, pizza
sauce, olive oil, salt, pepper, basil.

What is the first step?

Place the pizza dough on a baking
sheet, brush with olive oil, sprinkle
with salt, pepper, and basil.

https://arxiv.org/abs/2301.12597
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a z'inst the — E | silhouette | of] I [RET] }—~ plane against
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against =" 5 e cat sitting on a S8 \
the sunset 3 scooter > =
Image #1 Caption #1 Image #2 Caption #2 Combined Groundtruth Input Image
Image and Caption Inputs Caption
Image Captioning Image-Text Retrieval

Figure 2. Overview of the FROMAGe architecture. FROMAGe is a model trained on image-text pairs for image captioning and image-text
retrieval. It is capable of processing arbitrarily interleaved image and text inputs, and producing interleaved images and text as outputs.
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| am thinking of an animal. It is brown
and furry, and has a tail. What is it?

A squirrel.

No, the animal | am thinking of lives in
the river.

A beaver.
That's right, what do beavers look like?
They have a tail.
Show me an illustration of a beaver

A beaver.

Yes, what about a pencil drawing of one?

What about a photo of one?

What is this?

This is a house with a unique design.
What is its shape?
The house is shaped like a dome.
Can you show me more houses like this?

The house is designed by architect.

That’s nice, any others?

Yes, there are many houses
like this in the world.

Provide instructions on how to cook.
How do | make macarons?

Macarons are a French dessert
that are made by combining egg
whites and sugar. The egg
whites are beaten until stiff and
then folded into the sugar.

What does the stiff egg white look like?

The egg white should be stiff
and glossy.

Show me a picture of what that
looks like

After this, what do | do?

The macaron is then baked in a
hot oven.

Multimodal Dialogue

Our model can generate multimodal dialogue. Green bubbles indicate model generated outputs, grey bubbles indicate user provided prompts.
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KOSMOS-1 [Huang(Microsoft)+, 2023/02]

Fesiant

N , M vincoust

What kind of animal is

e 5
What's in this picture? e

What's in this picture?

. A screenshot of the Windows
selisage ol It's a zebra. 10 shutdown window

; | would like to restart
How to cook it? Where do they live in? :
my computer. Which

button should I click?
Soak sausage roll in

ketchup. Bake in oven for In Africa.

15 min. Cut and enjoy. el
Tell me a joke about

Can | put cheese in the zebras. Now | would not like to

dish? restart. What can | do?
Sure. But make sure it is Zebrafs sl o .

crossing the road. Click Cancel.
melted.
9) (10) (11)

Figure 3: Selected examples generated from KOSMOS-1. Blue boxes are input prompt and pink
boxes are KOSMO0S-1 output. The examples include (1)-(2) image captioning, (3)-(6) visual question

answering, (7)-(8) OCR, and (9)-(11) visual dialogue.
https://arxiv.org/abs/2302.14045
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2007 Ig Nobel Prize winners announced

Friday, October 5, 2007

The winners of the 2007 Ig Nobel Prize have been announced. The awards, given
out every early October since 1991 by the Annals of Improbable Research, are a
parody of the Nobel Prize, which are awards given out in several fields. The awards
are given to achievements that, "first make people laugh, and then make them
think." They were presented at Harvard University's Sanders Theater.
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Ten awards have been presented, each given to a different field. The winners are: ? 7 b
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 Medicine: Brian Witcombe, of Gloucestershire Royal NHS Foundation Trust, The 2007 Ig Nobel Prize in aation
UK, and Dan Meyer, who studied the health consequences of sword went to a team from an Argentinian

swallowing. university, who discovered that
impotency drugs can help hamsters

https://en.wikinews.org/wiki/2007 lg Nobel Prize winners announced
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2007 Ig Nobel Prize winners announced

Friday, October 5 2007 ' 2007 Ig Nobel Prize winners 2007Jg Nobel have been announced.
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{Ten awards have been presented, each given to a different field. The winners are:
+ Medicine: Brian Witcombe, of Gloucestershirs Royal NHS Foundation Trust |mpr0bab|e Research, are a parody of given out In several fields. 2007 Ig
UK, and Dan Meyer, who studied the health consequences of sword
swallowing
Physics: A team from the USA and Chile, who made a study about how clott fomje
sheets become wrinkled.
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2007, Ig, Nobel, Prize, Winners, announced

T+ A NpELE: Bounding box

2007 Igl Nobel|Prize [winners|announced

Friday, October 5, 2007

The winners of the 2007 Ig Nobel Prize have been announced. The awards, given
out every early October since 1991 by the Annals of Improbable Research, are a
parody of the Nobel Prize, which are awards given out in several fields. The awards

https://github.com/tesseract-ocr/tesseract



https://github.com/tesseract-ocr/tesseract

3. TODAth: 5ANEFB (wang(ucs)+, EMNLP21] YT O

* OCRTHADENDIRINZ, ABINGEO K DERINECIZIE

— JBE, OCRXF(ZLeft-to-right Top-to-down THAI TN DDz,
BENS LT FHERA MEHCEESNTCLDIEE, SidlEZiRD

1 : 1 3
OCR S
il
* *
4
: 3 2 2
5 5

ReadingBank dataset

https://aclanthology.org/2021.emnlp-main.389/



https://aclanthology.org/2021.emnlp-main.389/

3. TOIth: —RYNAEE 5% NTT O

« XECFFNDI MK (GEFOYIMAY T 218 E) DR
IC17 ¢ Yuu Rty Sl W Kot

- XEL A7 NMET E[EER(CFaster-RCNN/R E DY ARHZRZ FHUL T,
nAiE & BIRZ LD

- EFONEBEHRQAT —F Y MM, —H¥IMKIC DN TERNDND

5 announced d"“ r) LS
A i
J\ O+ 0 ‘ ' U
vEnooE \LAT™ 8l 5
hced. The awards, given DE—— ol . -
bbable Research, are a W - il wd ko y
several fields. The awards h‘l [ .”:M‘ll “35{'"‘
[

and then make them
ers Theater.

84/0 of

E

ht field. The winners are:

K72 B L c——
NHS Foundation Trust, The 2007 Ig Nobel Prize in aviation ustor o P
nces of sword went to a team from an Argentinian
university, who discovered that
impotency drugs can help hamsters [:] D
|a study about how cloth recover from jet lag. D

WebR—Z DRI 3(Cx 9 35— R L A2 TATZTT4YCH T BT A IARE

http://visdata.mit.edu/



http://visdata.mit.edu/

X E B CH T D —AxBI IR BEE

4. XEESFGRE XEXREFEDES - B

B}, OCRTHAN, LA7IN (KEEZ) etc. ‘ 4,



X SESRiET XD



-~y

S—H > ZASAY > [Jaume(ETH)+, ICDAR-05T'19] Y7 O

o XEEBEUERPDETDTFHX MBEEICH U T, KeytValue& &
DIONIVREZNETDIHRD
_ fjil: Key=Supplier, Value=AUDIENCE STUDIES

(3-69)
BROWN & WILLIAMSCN TOBACCO CORPORATION SPORTS MARKETING ENTERPRISES
FILTER SCORES . - DOCUMENT CLEARANCE SHEET
Date Routed: January 11, 1994 Contract No. 4011 00 00
Contract Subject. Joe's Place Exhibits
Company SPEVCO, INC. Brand(s) _Camel/Winston
Tolal Contract Cost $1,340,000.00 Current Year Cost 19941998
Brief Description 2 Joe's Place Exhibits for use at Winston Cup, Winston and Camel
uper Bike Events. L e
8/5 and
8/8 GAL Code: Program Budget Code
PM6
R (=S —— Originator Michael Wright
Overall - - Manager John Powell é 2 pg% /-11-9¥4
ceITYy
Los Angele S A REVIEW ROUTING
Chicago Y commliies SIGNATURE DATE
Insurance
Illu‘ic —r
Femal 3.3 Law
» FS - Marketing
s = =
= BEVISIONS TO SHELL PAGE(S)
::_:,ch" - (Other than Term,
‘Compensation o Job.
Und 0.0
. on:-r ey . APPROVAL ROUTING
" p * Sr. Manager (B. J. Powell)
C ; 165607118 P * Director - (G. L. Littell) _
Y ** Sr.VP  T.W.Robertson
Return MARY SEAGRAVE SME 13 Plaza
1485
* UP TO AND INCLUDING $25,000
*“OVER $25,000 Revised 10/26/92

https://quillaumejaume.qithub.io/FUNSD/
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[EERHME [Park(NAVER)+, NeurlPS workshop'19] Y7 ©

o WEBUEHSHEHEDIEER (menu, price’ld &) ZIH T DI R
— f5l: menu=BLACK PAPPER MEATBALL

“"words":|

"quad®:{"x2": 837,%y3": 2260,"x3": 829,"yd": 2238,
“x1%: 625,"yl": 2156,"x4": 617,%y2"%: 2177),

"is_key": 0,

"row_id": 1631316,

"text": "BLACK"

"quad®:{"x2": 1105,"y3": 2261,"x3": 1105, "y4": 2261,
"x1%: 857,%yl1": 2180,"x4": 857,"y2": 2180),

“is _key“: 0,

“"row_id": 1631316,

“text": "PEPPER"

§ SURTO FORMIGAT FISTY B2, 500 {
2 GREEN TEa NITH CRMes 50,00 "quad”:{"x2": 1441, y3": 2264, x3": 1443, yd": 2269,
”%EGINMIOEJ A 5,00 "x1%: 1125,"y1": 2184, x4": 1126,"y2": 2179),

281 00 "is _key": 0,
SVC CHG 6% 159 *row_id": 1631316,
PRT 0% : "text”: "MEATBALL"

1s
“category”: *
“group_id": 3

L
TOTAL 304,326

Image JSON

https://qithub.com/clovaai/cord
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Igﬁﬁﬁ;ﬁ [Adam(Ryerson Univ.)+, ICDAR'15] NTT ©

« WEBBRZERDISAICHED TDIRAD
— RVL-CDIPTIE, 16035, 40RY>T)LEEBESNTLSD
— BIOETILIEE, SRIEEDFEE CTikalnlge

letter memo email filefolder form handwritten invoice advertisem---
ik = : F‘ - =
|
o
scientific scientific

budget news article presentation publication questionna-:-resume report specification

@ marcrcnemmcaics W

\ l 1 u\.un

l

I

https://www.cs.cmu.edu/~aharley/rvl-cdip/
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DocVQA [Mathew+, 21]

(sxead &)Qslhn Su(fm CC-

mf\\)(‘\") CG\D .
o202

Source: https:/www.industrydocuments.ucsf.edu/docs/gfbx0227

Q: Mention the ZIP code written?

A: 80202

https://arxiv.org/abs/2007.00398

VisualMRC [Tanaka&Nishida+, 21]

#ALLEZCULTURE

Europeana in the digital transformation of Europe. Join the conversation at #AlezCulturs on
Facebook

%“& Wk € OMIC
INNOVATION -2 o [ s INNOVATION
£ 9 *t;m e
©.
c-.?
..L-unm
e
e
UROATION

Q: In the graphic, what is the
color of economy?

A: the color is green

https://arxiv.org/abs/2101.11272

InfographicVQA [Mathew+, 22]

DIABETES IN AIISTRAUA

DIABETES AFFECTS:

-

Imlll

ANNUAL

ECONOMIC 6
COST:

$6 BILLION

Diabetes & Me st leadiag cause of feath @ Aestiaka If sndtagnosed o
madequately Ueated, it can lead 19 corvaary heart dsease, styoke, hidoey
tabre nb anpatatens or bedeess

139

Q How many females are affected
by diabetes?

A:3.6%

https://arxiv.org/abs/2104.12756
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VisUualMRC [Tanaka & Nishida(NTT)+ , AAAI'21, NLP'21 BB EE]

NTT (©)

° Web/\—§0)7\/7 J—>=>3 v h(:%ﬁ(*ﬁ%ﬂ’h»ﬁ#
. LA NEER AR EBIRGTRR Z RS UTCRIERTE EETILDIRER

2007 Ig Nobel Prize winners announced

Friday, October 5, 2007

IThe winners of the 2007 Ig Nobel Prize have been announced. The awards, given
lout every early October since 1991 by the Annals of Improbable Research, are a
parody of the Nobel Prize, which are awards given out in several fields. The awards
lare given to achievements that, "first make people laugh, and then make them
ithink." They were presented at Harvard University's Sanders Theater.

ITen awards have been presented, each given to a different field. The winners are:

« Medicine: Brian Witcombe, of Gloucestershire Royal NHS Foundation Trust,
UK, and Dan Meyer, who studied the health consequences of sword
swallowing.

» Physics: A team from the USA and Chile, who made a study about how cloth
sheets become wrinkled.

» Biology: Dr Johanna van Bronswijk of the Netherlands, for carrying out a
census of creatures that live in people's beds.

#J10,0004X DIE1FZ X EE

The 2007 Ig Nobel Prize in aviation
went to a team from an Argentinian ét _‘X-, % / —
university, who discovered that O) i J
impotency drugs can help hamsters

recover from jet lag. /5 / .

ODDERI S AICHE

cow dung

* Chemistry: Mayu Yamamoto, from Japan, for creating a method of extracting vanilla fragrance and flavouring from

Q: Who were the winners of the Ig Nobel prize for Biol-

ogy and Chemistry?

#J30,000fFDERKEIQA

A: The winner of the Ig Nobel prize for biology was Dr ZVERR

Johanna van Bronswijk, and the winner for Chemistry was

Mayu Yamamoto.

https://arxiv.ora/abs/2101.11272  https://qithub.com/nttmdlabnlp/VisualMRC
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SlideVQA [Tanaka(NTT)+, AAAI'23] NTT ©
. EHNOBEBGES (TLTER) (CIEDIERIGESTRD

« EENMNMMERQREIEZICHUT, EEEE (Biml) ZAFTHE

o HIGEIREBRIIGEIRITZRENCHES ETILZIRE

20k D AP AG=c F - 293
[
26:x A6 A6 T 2%
e 000
29 62 Ao 202 I

7 e
20k Al Adox AdL-c %3
West
= I |
@ nternal meet ing decision @» Communication agd
- Competition media @ Primaryresearch
. Tip-off @ Others

Q: What is the difference in the competition media percentage between East and the region A: 5% (11% - 6%)
with 12% of journalists?

(12% D= —F 1 2 RO EDIE, (=West) EEastDcompetition medialD%zZET3 & ?)

https://arxiv.org/abs/2301.04883 https://qgithub.com/nttmdlab-nlp/SlideVQA
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E/\AI)L/PCEHEIICKH LT, BRERICKLDIERZITL, T—>I
> MO EIERFEITD
BEBEZHEDIERETT -ty MIZ<EDHEFENTHD,
RPN EITARNENEB DY RTEFET D

Clicking on a canvas . Dragging Multi-step

click the 5th search result. search histol

Yolane Bertie Meaghan [Tula ] Search

Annis
https://www.et.hk
Margie Constanta | Gusta Sit interdum.
Cierra

https://www.sempervulputate.gov
Semper mi enim.

Annis
https://www.bibendumauctor.se

Felis odio tellus.

Z1TV, BRIDYRDZELT Follow-up&fZ L7

[ﬁF—frz— K TR DIRME [ RN BT TERIEA,

MiniWob++: WebJ S OH(Cx 9D MOTIF. E/\AILF7TUCHT D
YERBEITH R [Peter(DeepMind)+, ICML22]  IBREZKATS A [Burns(Boston Univ.)+, ECCV'22]

https://proceedings.mlr.press/v162/humphreys22a/humphreys22a.pdf https://www.ecva.net/papers/eccv 2022/papers ECCV/papers/136680304.pdf
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EEISRET + A5k Nt ©

« B/)\AIL/PCEEICK LT, BREFEICKDIER (W5 21TV, HEE
EEIREZIRT
« ARRGSBAIFBT —HYZMET D LN REE
— SRR (CX) 9 DIRAE - 12(FHEREE

: Hello. Is it cold out today?

P 2

: The lowest temperature is 10 °C today. ;] @

< ES--
Task-Specific
Slot schema

(1) Task-specific Slot Design (1) Free from Slot Design

: What is the chance of rain today?

(2) Task-specific APl implementation (2) Seamlessly overriding existing APIs
(3) Handling Complex Scenarios (3) Easily Inferred Dialogue Policy from GUIs
Limitations of SF-TOD Alternative Direction: WebTOD ?!

WebTOD: GUIZAL\Z5 X U185
DI T b [Lee(NAVER)+, arXiv'22]
https://arxiv.org/abs/2212.10504

Meta-GUI: E/\1)LGUIICX T B
A X238 mEI%EE [Sun(X-LANCE)+, EMNLP'22]

https://aclanthology.org/2022.emnlp-main.449.pdf
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LayoutLM [Xu(HIT)+, KDD'20]

o ABDNTHFAMEDHIAH I U T, TFRA SEEBDEZEZFERRe/R/ S
A—=5 (LA MEDIAFH) EUTENML, TUESHERIFEZENM

«  FinetunelFNDAHOCREIGFEFEZ LayoutLMOE N ICEULENE T, &=HEEHD

EUTEERT S

Image

NTT (©)

[

Downstream Tasks

]

t

t

t

1

1

t

T

1

Embeddings Date Routed: | | January 1, 1994 Contract No. 4011 00 00 FC Layers
+ + + + + + + + + + ;
LayoutLM 1
Embeddings [CLs] Date Routed: January 11, 1994 Contract No. 4011 0000
Pre-trained LayoutLM
o E E E E E E E E E E N\ ROI
Embeddings ([cLs)) (Date) (Routed:) (January) (11,) (1994) (Contract) (No.) (4011) (0000) L 3
— — — — — — — — — — Faster R-CNN
Position \—1—)
E E E E E E E E E E
; (0) (86) (117) (227) (281) (303) (415) (468) (556) (589) 5
Embeddings (x0) Pre-built
+ + s + + + + + + + Je s
Position OCR/ =
Embeddings (y0) Eq) E(135) E(135) E(133) E(133) E(139) E(135) E(139) E(139) E(139) PDF — T =
+ + + + + + + + + + P s o
Position arser e e et
Embeddings (x1) | Emew | | Eusa) Efie2) Ean) Efa3) E(s3 E(asa) Efag7) E(sa) E(a1) =
+ + + + + + + + + +
Position
Embeddings (y1) E(maxt) E(1as) E(1as) E(1s3) E(14g) E(149) E(149) E(1a9) E(150) E(150)

https://arxiv.org/abs/1912.13318
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LayoutLMv3 [Huang(Sun Yat-sen Univ.)+, ACMM'22] NTT ©)

YEEGEZ )\ FREIL, VITeERWTI>d—Fa >0
PR EE B E UTc L 7D MNEHRZ Self-attention([CE A

TUBHET EEEEE- )\ FHEMTTEZ(CLD, OCRTFRAMEX
ZRROMILZEEIFS

Pre-training TTl '1}2 UnaITigned A“nged 5 s OCRj—_q:X I\é:
Objectives ‘ MLM Head ’ [ WPA Head ] m @'f%@;(\:”l_ﬁ\{\—.r (lj_

1 i 1 i

oD )G O D &
[ Multimodal Transformer J I/’I/ 7'j h'l%*lﬁ%

20 posit Self-attention(CE A
Embodding (Segean)| [ Seg: | [Segy | (Sez, | [(Segs | [segpan) [Patchpap] (Patch, | [Patch ) [Patch ) [Patch )
cmresang 000 () (20 (D) @50 =D o 0 @ ][BHM
\gr:[,de/;jf:: (fcLs] | [mask)) ([mask]) ( T, J (e ) (serr) (tspe1 ) (v | [[MASK]] [[MASK]] (v, )

(T (T2) pm s dleeenee s (Unaligned) -------------~1 (V2)  (V3)

(Aligned)

1ze
Split

I mEgem ) Cy FE

https://arxiv.org/abs/2204.08387
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UDOP [Tang(UNC) +, arXiv'22]
e DecoderClHER, =F A, LA (B

>-
Sl

NTT (©)

ME) DHII7ZEATD

B HEhdy D FaiF & xR

o« [BERIAECQAT R DTREDS DD AT E T RINEHRD

tHd» CHEEMdD D Fa1F & 2 XN

o IDDNEHEEFeHES X Cstate-of-the-artZ ZEpk

Vision-Text-Layout
7 Textreconstruction with )
prpT Tor ‘ layout. <text_layout 0> Transformer
use_ | Retail: Week of March 14, 1994 )
e =1 Visual text recognition, <texl_0> S
ey <100><350><1182<372> "~
S <flext_0> Week of March 14, 1994 © Decoder

Question answering.
Whal is the date?

Unified

. | Text-Layout
. Decoder
lVIsIon Decoder

Layout modeling. <layout_0> Ship Encoder

Sy g [ Date <Nayoul_0> to Relail: Week J
an

o L T T - "~

" [ <lext_0> Ship Date J
! , -
. ( Week of March 14, 1994 |
J

<fext_layoul_0> Ship pr——
Date <0><1(><2><20>

[cmyouz_m <1oo><350><11a~><372>] Vision Outputs

.
'
:
Ship Date
S Bach W, f0t N Tille <20><50><40><50> )
Ship (0.1, 0.65, 0.17, 0.68) ( Layoul analysis. Tille ] """""" Text Outputs
Date {0.12, 0.65, 0.4, 0.68) :
Masked image reconstruction. P <100><350><115>
- Ship Dale lo Retail: Week of ™ <372>_..
OCR Bounding Boxes March 14, 1894 -
Text exssmmmm— Vision Task Mixed Task Layout Outputs

(x0, yo0, x1, y2)
Text Task s Layout Task

https://arxiv.org/abs/2212.02623

Bk, T+, L1777
2 bDHINE]EE
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- Layout Modeling: X/ \> 7B D2 1ZEZ T

« Visual Text Recognition: X/ \> <Y X JmBIEMD T+ 2 ~F4I

- Joint Text-Layout Recognition: X/\> Y X JMEIHDTF A~ &
JAA 15 % T

« Masked Image Reconstruction: < X7 7BigD {5 % FAl

B DERIFHY X I DH

Self-Supervised Tasks Task Prompts Task Targets

Layout Modeling Layout Modeling. <layout_0> Ship Date to Retail </lay- <layout_0>
s SO0 Week Of March 14,1994 e B 00><300>< 116525725
Visual Text Recognition Visual Text Recognition. <text_0> <100><350><118> <text_0> Ship Date

<372> </text_0> to Retail: Week of March 14, 1994

Joint Text-Layout Reconstruction  Joint Text-Layout Reconstruction. <text_layout_0> to Re- <text_layout_0> Ship Date </00>
tail: Week of March 14, 1994 <350><118><372>

Masked Image Reconstruction ~ Masked Image Reconstruction. Ship Date to Retail: Week  [Pixels of the original image]
of March 14, 1994
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COMPANIES INC.
120 PARK AVENUE NEW YORK N Y 12017 -

TELERHONE (212) BB0-2000

April 19, 1990

Mr. Abner T. Herbert, III
9470 Marxrtin
Roswell, GA

3(‘)076
Dear Mr. Herbert:
In accordance with your request,
Statement:
BProposal #3
Evangelical Lutheran Church in Amwerica
8765 wWest Higgins Road
Chicago, IL

Ed Crane, Director
Corporate Social Responsibility

Proposal #4 (co-gponsorad)
Adrian Dominican Sisters

1257 East Siena Heights Drive
Adrian, MI

Sister Annette M. Sinagra,
Corporate Responasibility coordlnator

and
Corporate R.spon.iblllty office

Province of Saint Joseph of the Capachin Order
1534 Arch Street

(Rev.) Michaal H. Crosby, OFMCap
Corporate Responsibility Agent

Sincerely,

S T AJ

Patricia Molloy
Legal Assistant

the following are
proponents of Proposals 3 and 4 included in our 1990 Proxy

Berkeley, CA 40

the

Claim to

AT4s)

120,000 shares

1,098 shares

shares

S0G08T8¥0%

PI—IILIP H\C

COMPANIES INC.

120 PARK AVENUE NEW YORK 1Y 10017+ TELEFNONE (212) 580-8000

April 19, 1990

I The company address below is: I/\dd Text

Mr. Abner T. Herbert, III
9470 Marxrtin Rd.
Roswell, GA 30076

Dear Mr. Herbert:
In accordance with your requecst,
Statement:
Proposal #23
Evangelical Lutheran Church in America
8765 wWest Higgins Road
Chicago, IL

Ed Crane, Director
Corporate Social Responsibility

Proposal ¢4 (by UDOP)
Some random name.

Some random street.

Some random city, state.

Replace Text

Sister Annette M. Sinagra, O.P.
Corporate Responsibility Coordinator

and

Corporate Responsibility Office

Province of Saint Joseph of the Capachin Order

1834 Arch Street
Berkeley, CA

(Rev.) Michael H. Crosby, OFMCap
Corporate Responsibility Agent

Sincerely,

Putrlcla Molloy
Legal Assistant

Replace Title

the following arae thae
proponents of Propesals 3 and 4 included in our 1990 Proxy

Claim to

120,000 shares

1,098 shares

Change Serial

40 shares

Numbers

k

98¥99€660%
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UYS [Tanaka+,21][Mathew+, 22].
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t i t
[ Multimodal Transformer
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ERR |Coy@2)e )4 ][ 5 J(6)(7)(8) (o)(I0)1)(2) |(33)14)(15)(16)
AoE(RR | (onse])(oese) (oase ) (5o ) (e (1284 (2345 J(3038 (o000 ]
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https://www.anlp.jp/proceedings/annual meeting/2022/pdf dir/C1-3.pdf
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1. XENSEYEST —5 Dt

DIABETES AFFECTS:

MM

60% 4.3% 3.6% 1 10 $6

LS ) 2. BHICABULEEET Y- MR
ANNUAL B
ECONOMIC [60% + 4:.3% = 64.3% |

COST: m :
$6 BILLION

[100% - 60% = 40%]
Diabetes is the sixth leading cause of death in Australia. If undiagnosed or

inadequately treated, it can lead to coronary heart disease, stroke, kidney
failure, limb amputations or blindness.

3. EIFIERET —FE—EITHR5T—FITNAS
@r: YRR I BAIDEIE (1 ?

EEERS—5: Mﬁ100-60=40®

100% - 60%
EENNE J

COEBBETFA N
ZTDEDZEKT D

https://www.anlp.jp/proceedings/annual meeting/2022/pdf dir/C1-3.pdf
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PROMPT EXAMPLE PROMPTING LLM

PREAMBLE Given a ;CTDPF' tna‘a1pn- neads to identify the elements requiring user input and generates PROMPT ~ u
corresponding questions. > rcambic
Create password ) Screen HTML
Crowd3116 5 : Chain of
b Crowd3116 Exemplor 1 o Thoughts
SCREEN - - t 3
HTML - - appcrawlerdgomail.com Task Qutput INPUT
= = I This emall address will be used to reset your password.
Cancel 3
- - " 0K -
Screen HTML
Now reasoning starts:
. Exemplar N
? :Jm many Lnput tags are there on the screen? Chalnof
A: 4
- Thoughts
0: What is the purpose of the screen?
A: Create passwor
CHAIN A: Create password Task Output
°‘ LLM
THOUGHTS It's a create password page and there are 4 input tags, including ~ 5
1. 1d=2 asks for password
2. id=3 asks ta confirm password. TEST
3. id=4 asks for hint. SCREEN Screen HTML
4. Ld=5 asks for ematl address. | eucessssssssscsssssssssssa
To help the user proceed with the screen, an agent will ask: TESTEN Chain of OUTPUT
Mhat password do you want to create? [id=2) ) OUSCITFIEUT Thoughts -
TASK »00=Could you en the password again to confirm? {id=3)
OuUTPUT > What hint do you to set? [(ld-4) Task Outpur

) wWhat is your in case you need to reset the password? (id=5)
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designed to interact with?
S

Question: Aside from the Apple Remote, what other device
can control the program Apple Remote was originally

r—‘{ (la) Standard } N
iPod
X

/{ (1b) CoT (Reason Only) }\
Thought: Let's think step
by step. Apple Remote was
originally designed to
interact with Apple TV.
Apple TV can be controlled
by iPhone, iPad, and iPod
Touch.

Answer:
.

So the answer is

Act 1: Search[Apple Remote]
Obs 1: The Apple Remote is a
remote control ..

Act 2: Search[Front Row]
Obs 2: Could not find
Similar: ..

[Front
Row] .

Act 3: Search[Front Row
(software) |

Obs 3: Front Row is a

{ (1c) Act-Only }—\

" { (1d) ReAct (Reason + Act) }

Thought 1: I need to search Apple Remote and find the
program it was originally designed to interact with.

Act 1: Search|[Apple Remote]

Obs 1: The Apple Remote is a remote control introduced in
October 2005 by Apple .. originally designed to control the
Front Row media center program ..

Thought 2: Apple Remote was originally designed to control
the Front Row media center program. I need to search [Front
Row next and find what other device can contreol it.

Act 2: Search[Front Row]

Obs 2: Could not find [Front Row]. Similar: ['Front Row
Seat to Earth', 'Front Row Motorsports',' Front Row
(software) ', ..]

Thought 3: Front Row is not found. I need to search Front

Row (software)
Act 3: Search|[Front Row (software) ]
Obs 3: Front Row is a discontinued media center software ..

iPhone, iPad, and iPod B P : <
discontinued media center Thought 4: Front Row (software) is controlled by an Apple
Toueh; software .. Remote or the keyboard function keys. So the answer is
) keyboard function keys.
Answer: iPhone, iPad, iPod Act 4: Finish([Jl) )( Act 4: Finish|[keyboard function keys ] \//
(Zouch L AN >

https://openreview.net/pdf?id=WE viuYUL-X
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